A new extraction of Di-Hadron Fragmentation Functions
from BELLE data at\[? = 10.58 GeV
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@ 2017 BELLE data of eTe” > a X at\/g = 10.58 GeV
+ MonteCarlo simulation

@ Introducing a Neural Network parameterisation

@ Extend tha analysis at higher orders: NLO, NNLO
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Pavia vs NN

Similar features and
compatible results
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Comparison at NNLO:

Pavia vs NN

Similar features and
compatible results
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® The Neural Network and the physics informed parameterisation
give us compatible results

@ Their complementarity allow us to grasp different aspects
of the Di-Hadron not accessible with the single methods

® With the current data, extending the analysis to higher orders
does not yield significant new insights (charm?).

@ Use Di-FF to extract the H, and the transversity distribution /;
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