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Can we unlock the LISA Global Fit with SBI?
Tools and Strategies
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THE ERA OF BIG DATA CHALLENGES FOR GRAVITATIONAL WAVES
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AMORTISED VS. SEQUENTIAL SBI ALGORITHMS
Amortised SBI Sequential SBI
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HOW CAN AMORTIZED ALGORITHMS BREAKDOWN?
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WHAT IS USUALLY DONE IN SEQUENTIAL ALGORITHMS?

(Re-)Simulate
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BREAKING THE SIMULATE-TRAIN-SIMULATE LOOP

Simulation Process - Run concurrently Inference Process

Observational Data
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ALGORITHM IN ACTION: HIGH-PRECISION GAUSSIAN

i Dataset Evolution
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ALGORITHM IN ACTION: STOCHASTIC GRAVITATIONAL WAVE BKG
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VISION FOR THE LISA GLOBAL FIT

Simulation Processes Inference Processes
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WRAP-UP AND CONCLUSIONS

Concluding Question: Can round-free or
“one-shot” SBI unlock the LISA global fit?
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