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Automatizing the mass resonance search
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Motivation

= Bump-hunting is an effective method for finding new
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What Is BumpNet?

= Only a fraction (11%) of final states have been probed for

mass bumps
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Smoothly falling histogram data = z-significance
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Significance

Application
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Advantages?
@ SR and background estimation not
needed beforehand
@ Look at wide variety of final states

@ Quickly determine regions of the
data that are of interest


https://link.springer.com/article/10.1007/JHEP02(2025)122

Performance

= Can find the Higgs! = Can find BSM! = Unbiased agreement across many
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See poster 23 to learn more!
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