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The High Granularity Calorimeter (HGCAL)

e By 2029, the LHC will be upgraded to deliver 5-7
times more instantaneous luminosity.

e The current end-cap calorimeters of the CMS
detector will be fully replaced

e Sampling calorimeter with a mix of
silicon sensors & scintillators
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i (combining tracker and calorimeter
information) 6 million channels and 5D Very large background
information from all of |+ | from overlapping proton-
e 6 million readout channels them proton collisions

v

Novel machine-learning based algorithms to
tackle these challenges!

e 5D information : Position, Energy
and Time.
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Reconstruction in HGCAL : TICL framework

GPU-accelerated clustering algorithms
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And many more uses of Machine Learning in
HGCAL :

. CMS Simulation Preliminary Phase-II :
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