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Updates on the MVA Analysis Bull Graviton with M = 500 GeV

Training and classification application are done for different hypothesis
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Updates on the MVA Analysis Bulk Graviton with M, = 500 GeV

Training and classification application are done for different hypothesis

TMVA overtraining check for classifier: MLP
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Updates on the MVA Analysis

Training and classification application are done for different hypothesis
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Updates on the MVA Analysis

Bulk Graviton with M = 800 GeV

Training and classification application are done for different hypothesis

TMVA overtraining check for classifier: MLP
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Bulk Graviton with Mg = 1.5 TeV

Updates on the MVA Analysis

Training and classification application are done for different hypothesis
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Updates on the MVA Analysis

Training and classification application are done for different hypothesis

TMVA overtraining check for classifier: MLP

Bulk Graviton with Mg = 1.5 TeV
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Updates on the MVA Analysis

Training and classification application are done for different hypothesis

Input variable: F‘:‘
= Signdl

g g i
; .01 Background —: E
w
< 008 1=z
= 1=
£ 0006 . E
= 13
0.004 . %
0.002 ] g
R ]

100 200 300 400 500 600
Z1
FT qunits]

Input variable: pi
L] o T T T T T T
0.009 F

3

0.001

@ 0.008 f E
= o007 E|C
Z voos 32
= o008 &
0.004 EE
0.003 3
0.002 3 §

100 200 300 400 500 600 700 800 200
P2 [unite]

M-Hl" T5:.8i {0.0, QU2 0D, D8

Input variable: F'TH'

it
=4
o
2

{1M) dM /20,2 unity
=3
=1
S

il
0o (5,82 100, 0.07% /{02, 0.07%

100 200 300 400 500 600 700 B0O
P (units]

Input variable: F"r""

E
5
&
a0
=
=
=
&
=

g
g
g
g
B
g
g

PE [units]

nput variable: &%

(1) dM/ 0161 unils

3
24 units]

(1) dN £ 0161 unils

@ [units]

D fiorw (5, B {00, 5% 0.0, 201

WO Mow (5,8 {00, 8% /0.0, 0.8

WO Mow (5,8 {0.0, 0.8 /0.0, L87%

Input variable:

(1N} dN /0161 wnils

D fiorw (5, B {00, 5% 0.0, 201

Input variable: M™
g 0.012 T T T T T T T
3

.01

LT TEL)
(=3
g
1

L L
WO Mow (5,8 {00, 2.8 0.1, 041

el
200 40 600 W00 1000 1200 1400
M [units]

oo 15,8} {00, D8 {01, 24P

g
£
g
g
g
é

M, lunits]

P_{TIMZ1} :

P_{T}MZ2} :

#Phin(22) :
P_(T}r4l} :
#Phir(4l) :
MA{2b} :
P_{T}A(2b) :
#Phir(2b)
M_{2bal} :
P_{T}A(2b4l} :

Bias node :

QQQQ.QC,CCQ

Layer 0 Output layer

Correlation Matrix (signal)

Linear correlation coefficients in % 100

&

-80

-100
B B2 0% R

v A B pn M AR

Radion with M = 500 GeV

1 hiddenlayer

15 nodes
Activationtype: Relu
Learning epochs: 300
Learning rate: 0.01

Correlation Matrix (background)

Linear correlation coefficients in %

A1 RR oa

100

&

-80

-100



Updates on the MVA Analysis Radion with M, = 500 GeV

Training and classification application are done for different hypothesis

TMVA overtraining check for classifier: MLP
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Updates on the MVA Analysis Radion with M, = 1Tev
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Updates on the MVA Analysis

Training and classification application are done for different hypothesis
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Updates on the MVA Analysis

Training and classification application are done for different hypothesis
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Updates on the MVA Analysis

Training and classification application are done for different hypothesis
| TMVA overtraining check for classifier: MLP_|
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MVA input variables SR

st_H2_mass
st_HH_mass

st HH pt
st_H1_pt
st H2 pt
st_Z2_pt

st Z2 phi
st_H2_phi

st 71 pt
st_Z1_phi

st H1 phi
st_HH_phi
st_angle_j1j2

st _angle H1H2
st_72 mass
st_deltaEta_j1j2
st _HH_eta
st_deltaR_H1H2
st_71_mass
st_H1_mass

st _H1 _eta

st_Z2 _eta
st_angle_Z172
st_deltaEta_H1H2
st 71 eta
st_HZ2_eta
st_deltaEta_z1z2

.024e+01
.991e+01
.761e+01
.583e+01
.865e+01
.187e+01
.533e+01
.227e+01
.217e+01
.752e+01
.654e+01
.621e+01
.420e+01
.056e+01
.353e+00
.352e+00
.297e+00
.201e+00
.859%9e+00
.598e+00
.392e+00
.371e+00
.200e+00
.095e+00
.513e+00
.041e+00
.358e-01
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