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Motivation
e Jet-flavour tagging is a very important tool for studies e Flavour tagging is a good tool to set detector
with hadronic final states (e.g. Higgs couplings). e New analyses techniques (e.qg. requirements and to test detector performance.
e Many well-performing jet-flavour tagging algorithms s-tagging) become possible at ® Improvement in tagging efficiency and accuracy with the
have been employed at the LHC experiments. the future e+e- collider use of advanced ML based algorithms.
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e dN/dx brings most of the gain | e No PID to PID < 30 GeV at fixed mistag rate: s-tagging efficiency doubles
e Performance with dN/dx + ToF (30 ps) is very close to perfect PID o 20% increase for PID < 10 GeV
e 2x improved background rejection with an additional pixel layer ¢ Insignificant impact on b-tagging performance

Flavour tagging algorithms from LHC experiments are inspiring tagging efforts at future colliders like FCCee. Improved performance with the use
of advanced ML models and additional properties: V° reconstruction (Kq & A%) and PID capabilities (cluster counting, ToF, compact RICH, etc.)
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