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Hadronic jets originating from heavy flavor (b/c) quarks arise often in the studies involving the top quark, Higgs boson etc. Par?;‘;)eter i (Svy)

|dentification of these jets is therefore extremely important in the LHC physics program.

Typical features of heavy flavor jets: Tagqing typically relies on:

¢+ Contain secondary vertices (SV) due to b(c)-hadron decays ¢ Track info. @ IP2D, IP3D, track multiplicity etc.

&= m =~ 3.3 (1.9) GeV, r= 1.5 (1.0) ps

_ S | o ¢ SV info. = mg,, SV flight distance etc. -

¢ High track multiplicity with high impact parameter (IP) w.r.t SV J

rimary vertex . . . .

P Y - | | ¢ Particle flow hadron and soft lepton candidate info. Primary

¢ Presence of soft leptons inside jets due to semileptonic decay Vertex (PV)

modes = B(b — uX) ~ 20% ¢ Some combination of the above == Neural Network . Tracks associated to jet
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Tagging Algorithms: ¢ Truth label obtained from hadron flavor definition
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¢ Performance is typically shown via receiver - MU SSU— S—. & W 4 . —
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Performance in boosted topologies: Performance @ HLT:

X {W 7 H. 1 } ¢ Dedicated training with HLT-level inputs shows better
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. ¢ Already implemented for Run3
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are shown by studying the mis-Id. rate of QCD jets as a function of the tagging efficiency [5] 2 | :
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¢ ROC curves are obtained from a mixture of simulated QCD multijet and H — bb(ccC) events =
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