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Flavour tagging calibration & uncertainties in ATLAS

1. b-tagging Scale Factor (SF)

B-tagging is an algorithm to identify b-jets. Its efficiency for  The efficiency in MC is corrected by the scale factors to

b-flavour jets is defined as: match that in data:
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Eigenvector recomposition

) Need lower # of b-tagging uncs. & original b-tagging uncertainties = Eigenvector recomposition
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High-pt extrapolation for the pseudo-continuous b-tagging calibration

This method has been refined for the pseudo-continuous calibration to: :
MC-based

extrapolation term
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