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Logarithmic accuracy
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Logarithmic accuracy
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Logarithmic accuracy

Accuracy | H and C | K and v¢ | 7k | PDF and a; evolution
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Non perturbative function
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Non perturbative function

QGaussian Gaussian
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Non perturbative function
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Experimental uncertainties
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Bertone, Scimemi, Vladimirov
arXiv:1902.08474
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Experimental uncertainties
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it quality
rturbative convergence

also observed by Bertone, Scimemi, Vladimirov

arXiv:1902.08474

Order NLL’ NNLL NNLL’ N3LL
x2/ndp.| 32628 | 1.6686 | 1.1465 | 1.0705

Global ){2 as a function of the perturbative accuracy
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F'it properties
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Pavia 2019
N3LL
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ut on q,/0
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NangaParbat

Nanga Parbat: a TMD fitting framework

Nanga Parbat is a fitting framework aimed at the determination of the non-perturbative component of TMD
distributions.

Download will be publicly available

You can obtain NangaParbat directly from the github repository:

i based on APFEL++ to extract I IMD PDFs and FF's
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Conclusions

44 Current precision of data requires the most accurate
calculations

i{ perturbative convergence N 3 LL

#» A sound treatment of uncertainties is also required

{ correlated systematics,
PDF's uncertainties

4 Simultaneous description of low- and high-energy data
with
NO normalisation coefficients
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TMDs

factorisation
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TMDs
factorises as hard
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slide from V. Bertone
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Higher-order corrections

comparison of different orders
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Mathematical tools

integrations
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Le p t on cut S 7 lepton rapidity

on the final-state leptons
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Experimental uncertainties
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Hessian method
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T'MDs in k, space

TMD distribution
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TMDs in Lk, space

TMD distribution
JLELED BLELEE RN NNLEL RN BN

—— Mean replica -

3
S0t Q=2 GeV _
: x=0.1 :

1 1 1 1 l 1 1 1 1 l 1 1 1 1 l 1 1 1 1 I 1 1 1 1 l 1 1 1 1 I 1 1 1 1 l 1 1 1 1 ]
0.00 0.25 0.50 0.75 1.00 1.25 1.50 1.75 2.00
kT [GeV]

35




Pavia 2017

global fit

Bacchetta, Delcarro, Pisano, Radici, Signori
arXiv:1703.10157

- with
NLL normalisation
coefficients

BSV 2019

Drell-Yan fit

Bertone, Scimemi, Vladimirov
arXiv:1902.08474

NNLL’ different

framework

36


http://arxiv.org/abs/arXiv:1703.10157
http://arxiv.org/abs/arXiv:1703.10157

